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Abstract: In This Study, We Will Develop A System To Distinguish Diabetic Retinopathy Disease From
Fundus Images.An Effective Way For Identifying Diabetic Retinopathy Disorders Such As
Diabetic Retinopathy, Hypertension, Arteriosclerosis, And Others Is Through The Precise And
Programmed Analysis Of Diabetic Retinopathy Images.In The Current Study, We Analyzed
Retinal Fundus Photographs That Were Located In Structured Analysis Of The Retina Storage
To Extract Different Diabetic Retinopathy Features Including Diabetic Retinopathy, Optic
Disc, And Lesion Characteristics And Integrated Them With CNN-Based Models For The
Identification Of Multiple DR Diseases.In This Research, Deep Learning Was Combined With
Convolutional Neural Networks (Cnns) To Provide Fast Disease Detection Of DR
IlInesses.Several Neuron And Layerwise Visualization Approaches Were Used By Training A
Neural Network On A Openly Accessible Diabetic Retinopathy Disease Picture Dataset. This
Led To The Discovery That When Neural Networks Are Used To Diagnose Diseases, They
Can Record The Colors And Features Of Lesions Corresponding To Those Diseases, Which Is
Similar To Human Made Decisions.This Model Is Used To Deploy Django Web
Framework.We Investigated Different Diabetic Retinopathy Features As Inputs For
Convolutional Neural Networks To Classify Diabetic Retinopathy | mages Effectively.

Keywords: Deep Learning, Diabetic Retinopathy (DR), CNN, Alexnet, Lenet,Django, Convolutional

Layers, Classification.

Blood Vessals In The Retina At The Back
Of The Eyeare Damaged [1].

Over The Last Severa Decades, The
Number Of People Diagnosed With

1. INTRODUCTION

Diabetic Retinopathy (DR) Is The
Mainreason Of Blindness In The People
Whose Ages Are Between 25 To 74 Years

Old In The Developed World. After 15
Y ears Of Diabetes, It Affects Three Out Of
Every Four Diabetic People. Diabetic
Retinopathy And Associated
Consequences Of The Condition Are
Caused By Chronic Hyperglycemia (High
Blood Sugar Levels). It Isoccurred When

Diabetes Has Risen Rapidly, And Diabetes
Increases The Risk Of A Variety Of Eye
[lInesses, Including Diabetic Retinopathy,
Which Is One Of The Most Serious. Even
For A Waeéll-Trained Physician, Early
Detection Of Diabetic Retinopathy Is A
Time-Consuming Process, Which Can
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Result In Delayed Treatment,
Miscommunication, And Other Issues.

The Significance Of An Automatic
Approach For Detecting DR Has Been
Acknowledged. The Categorization Of
Retina Pictures Into Basic And DR
Images Is The Subject Of Our Research.
Automated Strategies For Diagnosing
Diabetic Retinopathy Are Critical To
Resolving These Issues. In  Generdl,
Binary Classification Using Deep Learning
Has Gained Good Validation Accuracy.
The  Outcomes  For Multi-Stage
Classification, Especialy For Initial-Stage
Diseases Are Less Spectacular.

In This Study, We Present An
Autonomous DR Grading System That
Can Divide Photos Into Two Levels Based
On The Area Of Eye Damage. To Extract
Specific  Picture Properties  Without
Compromising  Spatial  Arrangement
Information, A Convolutional Neura
Network (CNN) Convolves An Input
Image With A Predetermined Weight
Matrix[1]. We First Compare Alternative
Architectures To Find The Best
Functioning CNN For The Binary
Classification Problem, With The Goal Of
Achieving Quality Standards Described In
The Literature. We Then Try To Tran
Multi-Class Models That  Improve
Sensitivity For The Mild Or Early-Stage
Classes, Using A Varety Of Data
Preparation And Augmentation
Techniques To Improve Test Accuracy
While Also Increasing The Size Of Our
Effective Dataset Sample Size[16].Finally,
For The Recognition Challenge, We Use A
Deep Layered CNN With Transfer
Learning On Discriminant Colour Space
To Overcome The Issue Of Limited
Sample Size. The Alexnet And Lenet CNN
Architectures Were Then Trained And
Evauated.

2. LITERATURE SURVEY

A Research Study Is A Piece Of Writing
That Seeks To Summarise The Most
Important Aspects Of Current Knowledge
And/Or Methodological Approaches To A
Specific Issue. It Is Secondary Sources,
And It Discusses Published Material In A
Specific Subject Area, As Wel As
Information In A Specific Subject Area
During A Specific Time Period [3]. Its
Ultimate Purpose Is To Keep The Reader
Up To Speed On Present Literature On A
Topic, And It Serves As The Foundation
For Other Goals, Such As Future Research
That May Be Needed In The Field. It
Comes Before A Proposed Study, And It
Can Be As Simple As A List Of
References [4].1t Usualy Follows A
Pattern And Incorporates Both Summary
And Synthesis. A Summary Is A Re
Organization And Reshuffling  Of
Information, But A Synthesis IS A Re-
Organization And Reshuffling  Of
Information. It Could Offer A Fresh
Perspective On Old Material, Or Blend
New And Old Perspectives, Or It Could
Chart The Field's Intellectual Evolution,
Including Significant Controversies. The
Literature Review May Analyse The
Sources And Advise The Reader On The
Most Pertinent Or Relevant Ones,
Depending On The Context [5].

Review of Literature Survey

Title:Retinal Image Preprocessing,
Enhancement, And Registration

Author: Carlos  Hernandez-Matasa,
Antonis A. Argyrosa, Xenophon Zabulisa

Year: 2018

Following The Introduction Of The
Ophthalmoscope, The First Fundus Images
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Were Obtained. Since Then, The Concept
Of Archiving And Anaysing Retinal
Pictures For Diagnostic Purposes Has
Existed. The Initial Study Of Retina
Image Processing Used Analogue Images
And Focused On Detecting Vessels In
Fundus Images Using Fluorescein. The
Fluorescent Chemical Amplifies The
Appearance Of Vessdls In The Image,
Making It Easer For A Medica
Practitioner Or A Computer To Discover
And Measure Them.  Fluorescein
Angiography, On The Other Hand, Is An
Invasive And Time-Consuming Treatment
That Comes With A Price Tag For The
Fluorescent Agent And Its Administration.
The Use Of Retinal Image Analysis In
Screening And Diagnosis Has Grown As
A Result Of Advances In Digital Imaging
And Digital Image Processing. The
Capacity To Evaluate Fundus Images
Accurately Has Encouraged The Use Of
Noninvasive Fundus Imaging In These
Fields.Furthermore, Novel Imaging
Modalities Like OCT And SLO Have
Expanded The Scope And Uses Of Retina
Image Processing. This Study Looks At
Both Fundus Imaging And SLO And OCT
Imaging, As Well As Fundus Photography.

TitleeA Deep Leaning Method For
Automatic Identification Ofdiabetic Eye
Disease

Author:Yanchun Zhang, Rubina Sarki,
Khandakar Ahmed And HuaWang

Year: 2020

Diabetes Méllitus, Generdly Known As
Diabetes, Is A Disorder In Which A
Person's Body Either Does Not Respond
To Or Produces Insufficient Insulin From
Their Pancreas. Diabetics Are More Likely
To Develop A Range Of Eye Problems
Over Time. Because Of Developments In
Machine Learning Techniques, Early

Identification Of Diabetic Eye Disease Via
An  Automated System  Provides
Considerable Benefits Over Manua
Detection.A Lot Of Higher Research On
The Detection Of Diabetic Eye Disease
Have Recently Been Published. This Paper
Examines Automated Methods For
Diagnosing Diabetic Eye Disease From
Several Angles. The Purpose Of This
Study Is To Give Crucia Insight Into
Research Communities, Healthcare
Professionals, And Diabetes Patients By
Offering A Full Overview Of DR Eye
Disease Detection Methods, Including
Cutting-Edge Field Methods.

Title:Deep Learning-Based Retinal Image
Anaysis

Author: Baidaa Al-Bander
Year: 2018

Ophthalmic Image Interpretation Is Mainly
Done By Qualified Clinical Professionals.
However, Because Of The Number And
Complexity Of These Images, As Well As
The Wide Range Of Disease And Expert
Opinion, There Has Been A Growing
Interest In Computer-Assisted Assessment
And Diagnosis Of These Images. A Cost-
Effective Strategy With High Sensitivity
And Specificity, Independent Of Human
Involvement, And Robust Enough To Be
Deployed To Large Populations In A
Timely Manner To Identify Retinal
llinesses Has Piqued Researchers
Curiosity.To Address Critical Issues In
Various Retina Image Anaysis Tasks,
This Thesis Introduces Unique Deep
Learning Approaches Based On Cnns.
This Study Looked At Three Types Of
Retina Image Processing Tasks. Fovea
And Optic Disc Localization, Choroid And
Optic Disc/Cup  Segmentation, And
Disease And Lesion Categorization. The
Simultaneous Recognition Of The Centres

Volume 11 Issue 04, April 2022

ISSN 2456 - 5083

Page : 80



International Journal for Innovative

€ngineering and Management Research

A Peer Revieved Open Access International Journal

www.ijiemr.org

Of The Fovea And The Optic Disc From
Colour Fundus Images Is Considered A
Regression Problem In The First Retina
Image Analysis Task.

Title: Preprocessing, Augmentation, And
Registration Of Retinal Images

Author: Xenophon Zabulisa, Carlos
Hernandez-Matasa, Antonis A. Argyrosa,B

Year: 2018

Diabetes Retinopathy Is A Medical Image
Processing Application. The Retind
Pictures Are Analyzed To Determine
Whether Or Not The Patient Has DR.
Manually Grading The Photos To
Determine The Degree Of DR s
However, Time Consuming And Resource
Intensive. Only When The Small Blood
Vessels Within The Retina Are Destroyed
Can This Condition Be Detected. Blood
Will Flow From This Tiny Blood Vessd,
And The Fluid On The Retina Will Create
Characteristics. The Types Of Features
Engaged Here Due To Fluid And Blood
Leaks From Blood Vessels Are Thought
To Be The Most Essential Elements To
Investigate. Pre-Processing, Segmentation,
And Classification Are The Three Phases
Of Diabetes Retinopathy Detection
Procedures. The NN Technique Is
Employed In This Study To Classify The
Diabetes Component Of The Image. The
Proposed Model Has Been Implemented In
MATLAB, And The Results Are
Examined Using Specific Parameters.

21 Method Used in EXxisting
System

They Want To Be Able To Categorise
Every Fundus Image Accurately. To
Create Our Neura Networks, We Use A
Deep CNN Architecture With  An
Extractor And A Smaller Decoder For A
Particular Mission. However, The Smal

Quantity Of Data, It Is Hard To Train The
Encoder From Scratch. As A Result, The
Encoder's Initidization Is Imagenet-
Pretrained Cnns. We Describe A Multi-
Task Learning Strategy For Diagnosing
Diabetic  Retinopathy. There  Are
3 Decoders In Use. The CNN Backbone Is
Used To Tran The Classification,
Regression, And Ordina Regression
Heads To Solve Their Tasks Using
Features Collected From The CNN
Backbone. The Classification Head
Generates A One-Hot Encoded Vector In
This Case, With Each Stage's Existence
Represented By 1.The Regression Head
Produces A Real Number Between O - 4.5,
Which Is Then Rounded To An Integer
That Represents The llIness Stage. For The
Ordinal Regression Head, We Use The
Method Described In (Cheng, 2007). As A
Result, This Head's Purpose Is To Foresee
Everything Up To And Including The
Target.The Final Forecast Is Obtained By
Fitting A Linear Regression Model To The
Outputs Of Three Heads. We Train All
Heads And The Feature Extractor At The
Same Time To Save Time During
Training. We Keep The Linear Regression
Model Frozen Until The Post-Training
Stagef1][4].

3. PROPOSED WORK

The Proposed Approach Consists Of Stage
Pretreatments To Remove Diabetic
Retinopathy Images From Data Sets And
Standardize Them To Size, Followed By
Classification Using A CNN Which Is A
Deep Learning Technique. It Proposed A
System  For  Diagnosing  Diabetic
Retinopathy. It Describes How To Do An
Experimenta Investigation Of Images Of
Various Diabetic Retinopathy Are
Collected As Samples. The Shape And
Texture-Oriented Elements Of The Image
Are Relied Upon As The Image's Primary
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Qualities. The Classification Of Diverse
Diabetic Retinopathy Disorders Has Been
Greatly Aided By Effective Disease
Detection And Deep Learning With CNN
[8].Using A CNN Trained With A Publicly
Available Diabetic Retinopathy Illness
Image-Dataset, A Number Of Neuron-
And Layer-Wise Visualisation Approaches
Were Applied. The Diabetic Retinopathy
Disease Detection Utilising A Color-Based
Classification Model Is Shown In The
Sample Screenshots. Also, For The Django
Framework, To Deploy This Model Web
Application.

3.1SYSTEM ARCHITECTURE

uuuuuu

identify disease

4. FEASIBILITY STUDY

Splitting The Data:Training Data And
Test Data Are The Two Types Of Data
That Are Commonly Used. The Model
Learns From The Training Set, Which Has
A Known Output, In Order To Generalise
To New Data In The Future. It Uses
Python's Tensorflow Library And The
Keras Technique To Test Our Models
Using A Test Dataset (Or Subset).

Construction Of A Detecting Model:
Deep Learning Needs Data Gathering That
Have Huge Amount Of Past Images. This
Model Was Trained And Tested To Ensure
That It Was Accurate In Its Predictions.

‘ Data Gathering ‘
v
CNN Algorithm ‘

\

‘ Train model ‘

\

‘ Test model

\’

‘ Prediction J

Steps of dataflow diagram

5. METHODOLOGY

Preprocessing And Training The
Model: The Dataset |s Preprocessed Like
Image Reshaping, Resizing And
Converting Itinto An Array Format. The
Test Image Is Also Subjected To Similar
Processing. A Dataset Including About
Pictures Of Retinal Illness Images, Each
Of Which Can Be Utilized As A Software
Test Image.

CNN Weights

model prediction

[Rawimage J—>[Buildﬂscqucnlinl ] >‘ CNN train H[ Diabctic Retinopathy discase

The CNN Model Is Trained Using The
Train Dataset To Recognise The Test
Image And Iliness. Dense, Dropout,
Activation, Flatten, Convolution2D, And
Maxpooling2d Are Some Of The LayersIn
CNN.If The Retinal Image In The Dataset
Contains The Disease, The Program Can
Recognize It After The Model Has Been
Effectively Trained. Following Successful
Training And Preprocessing, The Test
Image And Trained Model Are Compared
In Order To Forecast The Disease.
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CNN Modd Steps:
ConvZ2d:

2D Convolution Is A Simple Process At Its
Core: You Start With A Kernel, Which Is
Just A Simple Matrix Consists Of
Weights. This Kernel Traverses The 2D
Input Data, Doing  Elementwise
Multiplication On The Segment Of The
Input It Is Currently Working On, And
Combines The Results Into One Output
Pixel. The Kerne Continues The
Procedure For Each Point It Glides Over,
Changing A 2D Matrix Of Characteristics
Into Another 2D Matrix Of Characteristics.
The Outgoing Features Are Basically The
Weighted Sums Of The Input Festures
(With The Weights Being The Kernd's
Own Vaues) Positioned Approximately In
The Same Place As The Output Pixel On
The Input Layer[17].

Flatten Layer:

Its Used To Flaiten The Image's
Dimensions Once It's Been Convolved.
Dense: This Is The Hidden Layer That Is
Used To Build This A Fully Linked
Model. Dropout Is Employed To Avoid
Overfitting On The Dataset, And Dense
Means That The Output Layer Only Has
One Neuron That Determines Which
Category Each Image Belongs To. The
Input Is Flattened Using The Flatten
Command[15].

Dense L ayer

In Any Neural Network, A Dense Layer
IsA Layer That Is Deeply Connected With
Its Preceding Layer Which Means The
Neurons Of The Layer Are Connected To
Every Neuron Of Its Preceding Layer. This
Layer Is The Most Commonly Used Layer
In Artificial Neural Network Networks
[15].

Dropout L ayer

The Dropout Layer, Which Aids In The
Reduction Of Overfitting, Assigns Input
Units To O At Irregular Intervals At Each
Phase Of The Training Process. Inputs
Which Are Not Assign As 0 Are Scaled
Up By 1/ (1 - Rate) To Maintain The
Entire Amount.Dropout Layer Is Only
Active If The Training Parameter Is Set To
True, Which Means That No Data Is
Dropped During InferenceWhen Fit
Model Is Used, Training Is Automatically
Set To True, And In Remaining Cases,
When Cadling The Layer, You Can
Manually Set The Kwarg To True[15].

Image Data Generator :

It Rescales The Image, Applies Shear In A
Certain Range, Zooms The Image, And
Flips The Image Horizontally. This Image
Data Generator Contains Every Possible
Image Orientation[18].

Training Process:

The Function
Train_Datagen.Flow_From_Directory Is
Used To Prepare Data From The Train
Dataset Directory. The Image's Goa Size
Is Specified By Target_Size. To Prepare
Test Daa For The Modd, Call
Test_Datagen.Flow_From_Directory, And
Follow The Same Steps As Above
Fit_Generator Is Used To Fit The Data
Into The Model Created Above, And
Steps Per_Epochs Are Used To Determine
How Many Times The Mode Will
Execute For The Training Data.

Epochs: It Indicates How Many Times
The Model Will Be Trained In Both
Forward And Backward Passes.

Validation Process: The Validation/Test
Data Is Loaded Into The Model By Using
Validation Data The Number Of
Validation/Test Samples Is Indicated By
Validation Steps.
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ARCHITECTURE OF CNN

CONVOLUTIONAL NEURAL
NETWORK: Alexmet
’ Image: 224 (height) x 224 (width) x 3 (channels)
Artificial Neural Networks Such As CNN Convolution with 11x11kernel+4stride:54x54x96
e v Relu
Are One Sort Of Artificial Neura Pool with 3x3 max. kernel+2 stride: 26x26x96
Network. Cnns Are Neural Networks With — :
. Convolution with 5x5 kernel+2 pad:26x26x256
One Or More Convolutional Layers That , ReLu
Anal yse | mages C| assfy Data, And Pool with 3x3 max.kernel+2stride: 12x12x256
Convolution with 3x3 kernel+1 pad:12x12x384
Segment It. e
Convolution with 3x3 kernel+1 pad:12x12x384
TYPES OF CNN: — . ReLu
Convolution with 3x3 kernel+1 pad:12x12x256
» RelLu
* Alexnet Pool with 3x3 max.kernel+2stride:5x5x256
- flatten
e Lenet Dense: 4096 fully connected neurons

» Relu, dropout p=0.5
Dense: 4096 fully connected neurons

51 ALEXNET Alexnet Is A CNN Dense:1000fullyéoi?\:‘é}:éor?:uﬂgﬁzo.s
That HasA Big Impact On Machine

Learning, Especially When It Comes To
Applying Deep Learning To Vision (Architecture Of Alexnet)
Systems. It Was The First Network To

Increase Speed By Using A GPU.

Alexnet's Contains Five Convolutional 52 LENET: One Of
Layers. Each Layer Employs
Convolutional Filters And The Relu
Nonlinear Activation Function[6].

Output: 1 of 1000 classes

The First
Convolutional Neural Networks Was
Lenet, And It Was Responsible For The
Emergence Of Deep Learning. The
Eventual Result Was Termed Lenet After
Severa Years Of Investigation And Many
Interesting Iterations [7].

LeNet
Image: 28 (height) x 28 (width) x 1 (channel)

Convolution with 5x5 kernel+2padding:28x28x6 |
. sigmoid
Pool with 2x2 average kernel+2 stride:14x14x6

Convolution with 5x5 kernel (no pad): 10x10x16
. sigmoid
Pool with 2x2 average kernel+2 stride: 5x5x16
, flatten
Dense: 120 fully connected neurons
, sigmoid
Dense: 84 fully connected neurons
, sigmoid
Dense: 10 fully connected neurons

Output: 1 of 10 classes

Volume 11 Issue 04, April 2022 ISSN 2456 - 5083 Page : 84



International Journal for Innovative

€ngineering and Management Research

A Peer Revieved Open Access International Journal

6. MPLEMENTATION

6.1 Dataset

The Image Data For This Study Came
From Kaggle, Which Included 270 Fundus
Photos Of The Left And Right Eye. All Of
The Photos Are Divided Into Two
Categories: Diabetic Retinopathy And No
Diabetic Retinopathy. ThisModel Was
Trained Using 200 Images, And The
Remaining Images Were Utilised To Test
It. We Considered Same Distribution Of
Diverse Datasets To Be A Basic Aspect Of
This Type Of Data. We Didn't Make Any
Changes To The Dataset Distribution
(Under Sampling, Oversampling, Etc.).
Among All Of The Datasets, 640x480 Is
The Smallest Native Size[2].

6.2 List Of Modules
No Diabetic Retinopathy

Trainned data for No_DR:

====== Inages in: dataset/Train/No_DR
images count: 109
min_width: 1624
max_width: 1624
min_height: 679
max_height: 768

Having Diabetic Retinopathy
Trainned data for Severe:

====== Images in: dataset/Train/Severe
images_count: 102
min_width: 1924
max_width: 1924
min_height: 679
max_height: 768

www.ijiemr.org

1. Manual Net 2. Alexnet

3. Lenet 4. Deploy
6.2.1 M odules Description

6.21.1. IMPORT THE
IMAGE FROM DATASET:

GIVEN

We Must Use The Keras Preprocessing
Picture Data Generator Function To
Integrate Our Data Set, As Well As
Produce Size, Rescale, Range, Zoom
Range, And Horizontal Flip. Then, Using
The Data Generator Tool, We Import Our
Image Dataset From The Folder. We Set
Train, Test, And Validation Here, As Well
As Target Size, Batch Size, And Class-
Mode. From Here, We Must Train Using
Our Own Built Network By Layering
CNN.
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6.2.1.2. TO TRAIN THE MODULE BY
GIVEN IMAGE DATASET:

Using Functions Like Classifier And Fit
Generator We Are Going To Train Our
Dataset With The Help Of Training
Process Per Each Epoch, For The Tota
Amount Of Epochs, For Validating Data
And Finaly For Steps For Validation
Steps.

Model: “sequential”

Layer (type)

Output Shape Param #

conv2d (Conv2D) (None, 170, 170, 32) 896

max_pooling2d (MaxPooling2D) (None, 85, 85, 32) "]

conv2d_1 (Conv2D) (None, 28, 28, 128) 36992

max_pooling2d_1 (MaxPooling2 (None, 14, 14, 128) 2]

flatten (Flatten) (None, 25088) ]

dense (Dense) (None, 256) 6422784

dense_1 (Dense) (None, 2) 514

Total params: 6,461,186
Trainable params: 6,461,186
Non-trainable params: @

6.2.1.3. WORKING PROCESS OF
LAYERSIN CNN MODEL:

Input Layer: The Image Data Is Saved In
The Input Layer Of CNN. Three
Dimensiona Matrices Are Used To
Represent Image Data. It Will Have To Be
Reshaped Into A One Column. Before
Being Fed Into The Input, An Image Must
Be Transformed To 784 X 1[15].

Convo Layer: It Is Also Caled As The
Feature Extractor Layer Because It
Extracts Features Present In The Given
Image. To Start, A Piece Of The Input
Data Is Attached To The Convo Layer,
Which Conducts The Originally Stated
Convolution As Well As Generating The
Dot Product Between The Receptive Field
And The Filter. As A Result Of The
Method, The Final Volume Is Treated As
A Single Integer. Then Apply A Stride
Filter To The Next Receptive Field With

Same Input Image And Continue The
Procedure. This Approach Will Be Done
Until The Entire Image Has Been
Processed. The Output Of This Layer Will
Be The Input For The Next Layer[15].

Model accuracy

090 { — Tain
Test

0 2 a 3 8
Epoch

Pooling Layer:After Convo Layer, A
Pooling Layer Is Introduced To Reduce
The Spatia Volume Of The Input Image.
It Isintroduced Between The Two Fully
Connected Layers. As A Result, The Only
Strategy For Reducing The Spatidl
Volume Of The Input Image Is To Use
Maximum Pooling.The 4*4 Input Shrinks
To 2*2 Dimensiong[15].

Fully Connected Layer (FC): The
Completely Linked Layer Includes Biases,
Neurons And Weights. It Links Neurons
From One Layer To Another Layer. It's
Used To Teach How To Organise
Theimages Into Different Groups[15].

Softmax Layer:It Is The Last Layer In
CNN Which Is Also Called As Logistic
Layer. It Is Locatedjust Under The Fully
Connected Layer. For Binary
Classification, Logistic Is Utilized, And
For Multiclassification, Softmax Is
Employed[15].
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Model loss

— Tain
Test

—e———
0 -

b 2 4 IS B
Epoch

Output Layer:The Label, Which Is One-
Hot Encoded, Is Stored In The Output
Layer. Now You Know Everything There
IsTo Know About CNN[15].

6.2.2 DEPLOY

In  This, The Learned Model Is
Transformed Into A Hierarchicalformat
File (H5) And Then Integrated In Our
Django Framework To Provide A Superior
Experience And Forecast If The Given
OCT Picture Is Diabetic Retinopathy Or
Not Diabetic Retinopathy[9].

6.2.2.1 Django

Django Is A High-Level Web Framework
That Allows You To Easily Create Secure
And Stable Websites. Django Is A Web
Framework Created By Experienced
Developers That Handles A Tremendous
Job So You Can Concentrate On
Designing Your Project Rather Than
Reinventing The Wheel. It's Open Source
And Free, With A Thriving Community,
Standard Requirements, And A Range Of
Free And Paid Support
Optiong[9][10][11].

7. CONCLUSION

It Focuses On How A CNN Mode Was
Used To Identify The Structure Of DR
Disorders Utilising Fundus Image Data
From A Specific Dataset (Trained Dataset)
And Previous Data Set. The Following Are
Some Of The Implications Of This For DR

www.ijiemr.org

Disease Prediction.The Important Thing
Of The CNN Classification Framework Is,
Ability To Classify Images Automatically.
Eye llInesses Are The Leading Cause Of
Blindness, And They Are Frequently
Incurable Because Patients Are Detected
Too Late. We Included An Overview Of
Strategies For Detecting Anomalies In
Diabetic Retinopathy Images In This
Work, Which Included Retinopathy Image
Data Collecting, Preprocessing
Procedures, Feature Extraction Methods,
And Classification Kinds.
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